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Methods: Based on the mRNA-seq data and matched clinical data of the two cancers in the GEO
(Gene Expression Omnibus) database and TCGA (The Cancer Genome Atlas) database, we used R
package and part of online analysis tools to find the differentially expressed ferroptosis genes in the
two cancers, and then used LASSO (Least Absolute Shrinkage and Selection Operator) regression
analysis to further screen the ferroptosis signature genes in the two cancers, explored their
functional characteristics and clinical significance in the two cancers based on the expression of the
ferroptosis signature genes.

Results: Four ferroptosis genes, G6PD, NRAS, CDCA3 and NDRG1 were significantly upregulated in
hepatocellular carcinoma and renal clear cell carcinoma showed good diagnostic efficacy for both
cancers, and were significantly associated with patient survival prognosis. The risk model based on
the four characteristic genes showed good predictive efficacy and has potential clinical application,
upregulation of NRAS expression may contribute to the pathogenesis and progression of cancer
through activation of MAPK/ERK signalling pathway.

Conclusion: G6PD, NRAS, CDCA3, and NDRG1 are common ferroptosis signature genes for

hepatocellular carcinoma and renal clear cell carcinoma, which have good diagnostic and prognostic

under the terms of the Creative predictive efficacy for both cancers, upregulation of NRAS expression may contribute to the
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INTRODUCTION

Hepatocellular Carcinoma (HCC) is the most common primary liver cancer, accounting for approximately 75% to 85% of liver cancers [1l.
According to the latest statistics, HCC ranks sixth among all cancers and is also the third most lethal cancer, while domestic statistics show that
primary liver cancer ranks as the fourth most common malignant tumor and the second most lethal cause of tumor, seriously threatening human
life and health [23], Renal Cell Carcinoma (RCC) originates from the urinary tubular epithelial system of the renal parenchyma, the number of new
cases and deaths of renal tumors in China were about 431,288 and 179,368 respectively, in 2020. The early clinical manifestations of RCC are
insidious, and about 30% of patients have different degrees of metastasis at the time of consultation. While Clear Cell Renal Cell Carcinoma
(CCRCC) is the most predominant subtype of renal cancer, accounting for about 80% of RCC, in metastatic Renal Cell Carcinoma (mRCC), its

pathological type is almost always CCRCC (31,

Both HCC and CCRCC are cancers of substantial organs, both of which are insidious in their onset, and metastatic cancers can occur between
the two diseases clinically. Furthermore, there are similarities in the treatment of these two types of cancers, such as sorafenib, which was first
used in kidney cancer, is now widely used in the treatment of HCC, lenvatinib is also approved for unresectable or advanced HCC and advanced

RCC, etc; [34] suggesting the presence of identical immune targets expression in both cancers. Ferroptosis is a newly proposed form of cell death
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caused by iron-dependent lipid peroxidation and massive accumulation of reactive oxygen (ROS) radicals, following apoptosis, autophagy,
pyroptosis, necrosis, and is widely present in the metabolic process of tumors. It has been shown that induction of ferroptosis can inhibit tumor
cell proliferation, reverse radiotherapy resistance, and provide new ideas for tumor treatment. Based on these commonalities between the two
types of cancers and the extensive involvement of ferroptosis in the metabolic processes of HCC and CCRCC, this study combined the mRNA-seq
data from the GEO database and TCGA database to explore the common ferroptosis signature genes in the two cancers in depth and in multiple
dimensions using bioinformatic analysis techniques, with the aim of providing a certain research basis for relevant studies on the diagnosis and

treatment of the two cancers.
MATERIALS AND METHODS

Study subjects

The gene expression profiles related to this study were obtained from the GEO (https://www.ncbi.nlm.nih.gov/geo/) database and TCGA
(HTTP://portal.gdc.cancer.gov/) database, and the data of both TCGA and GEO are open without any related interests and infringement disputes,
therefore, for this study local ethics committee approval was not required. This study followed the data access policy and publication guidelines
of GEO and TCGA.

R-based analysis

This study is based on the GEO database GSE53757 (CCRCC), GSE47197 (HCC) datasets, TCGA database of clear cell carcinoma, TCGA
database of hepatocellular carcinoma mRNA-Seq and corresponding clinical data. Differential expression analysis was performed by R "limma"
package to obtain ferroptosis genes that were differentially expressed in both cancers, GO and KEGG analysis was performed by R
"clusterProfiler" package to explore the biological functions and signaling pathways associated with the intersecting genes (P<0.05 was
statistically significant). The intersecting genes were further screened by 'LASSO' regression analysis using the R
'survival'/'caret'/'glmnet'/'survivalROC' packages, and the diagnostic efficacy of the signature genes was analyzed using the 'pROC' package. The
impact of signature genes on survival prognosis was analyzed using the R "survminer" package. The unsupervised clustering analysis was
performed using the R "ConsensusClusterPlus" package and validated using the "limma" and "ggplot2" packages. The correlation between
signature genes and immune checkpoints was also analyzed using the "corrplot" package. The effect of signature genes on the infiltration

abundance of tumor immune cells was analyzed using the R "GSVA" package.
VENNY 2.1-based analysis

VENNY 2.1 (https://bioinfogp.cnb.csic.es/tools/venny/index.html) is an online protein intersection analysis tool that can accommodate up to
four sets of data simultaneously for online analysis. In this study, the online tool from this site was used to take intersections of differentially

expressed ferroptosis genes in two cancers.
STRING-based analysis

The protein interaction networks of differentially expressed genes in two cancers were constructed using STRING (Search Tool for the Retrieval of
Interacting Genes/Proteins) (string-db.org) database, and a confidence score >0.4 was considered to be a good correlation. The obtained PPI

networks were imported into Cytoscape 3.6.1 software, and their feature clustering modules were filtered using the MCODE clustering plugin.
Statistical analysis

Statistical analysis and plots were performed using R 4.1.1, and measurement data conforming to normal distribution were expressed as mean *
standard deviation, and Wilcoxon rank sum test was used for comparison between groups; chi-square test was used for comparison between
groups of count data. Spearman correlation analysis was used for simple correlation analysis of measurement data not conforming to normal

distribution. p<0.05 was statistically significant.

RESULTS
Expression of ferroptosis genes in HCC and CCRCC

In this study, we first analyzed the expression of ferroptosis genes in normal and tumor tissues in the GEO database GSE53757 (renal clear cell
carcinoma) and GSE47197 (HCC) datasets, and the results showed that the expression levels of 187 ferroptosis genes in CCRCC differed from
those in normal kidney tissues, and 65 ferroptosis genes were differentially expressed in hepatocellular carcinoma compared with normal liver
tissues, and box plots and heat maps were further plotted for the differentially expressed ferroptosis genes in the two cancers (Figures 1A and

1B). See supplementary material for complete box plots.
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Figure 1. Expression analysis of ferroptosis-related genes in CCRCC versus HCC. (A) Expression of ferroptosis genes in normal tissues versus HCC;

(B) Expression of ferroptosis genes in normal tissues versus CCRCC. Note: = Con; = Treat.
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GO/KEGG enrichment analysis of intersecting genes and protein interaction network

An online analysis tool VEENY 2.1 was used to intersect 187 differentially expressed ferroptosis genes in RCC and 65 differentially expressed
ferroptosis genes in HCC. Then, we found 53 differentially expressed ferroptosis genes in both cancers (Figure 2A). Subsequently, functional and
pathway enrichment analysis of these 53 differentially expressed ferroptosis genes showed that they were mainly enriched in the Biological
Process (BP): Regulation of neuron death, positive regulation of catabolic process, cellular response to external stimulus. The Cellular
Component (CC) is mainly enriched in pseudopodium, lipid droplet, phagophore assembly site, etc. The molecular Function (MF) level is mainly
enriched in: Scaffold protein binding, wide pore channel activity, and protein serine/threonine kinase activity. KEGG is mainly involved in human
cytomegalovirus infection, autophagy-animal, glioma and other signalling pathways (Figure 2B). Following that, the protein interaction network
among these 53 ferroptosis-related genes was analyzed (Figure 2C), and the main modules in the protein interaction network were clustered
using the MCODE clustering plugin (Figure 2D).

Figure 2. Intersection genes and their GO/KEGG enrichment analysis with protein interaction network. (A) Intersection venn diagram of
differentially expressed ferroptosis genes in CCRCC and HCC; (B) GO/KEGG enrichment analysis of intersection genes; (C) Protein interaction

network of intersection genes; (D) Major clustering modules in protein interaction network of intersection genes.
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Screening of characterization genes

Following this study, LASSO regression analysis was performed separately for the intersecting ferroptosis genes in the two cancers and
prognostic models were established (P<0.01, ROC-AUC>0.7), and the results showed that 7 ferroptosis-related genes were screened for
modelling in HCC and 12 genes were screened for modelling in CCRCC ferroptosis related genes were screened for modelling (Figures 3A and
3B). Then, the study took the intersection of the ferroptosis genes used for modelling in HCC and CCRCC, and as a result, four genes,
NRAS/G6PD/CDCA3 and NDRG1, were selected in the modelling process of both cancers (Figure 3C) and were identified as common ferroptosis
signature genes in both cancers. Subsequently, these associated genes with the co-localization, co-expression, and common biological functions
of the four signature genes were explored. The results showed that these genes are mainly involved in the processes of glucose metabolism,
NADP and NADH metabolism, ADP metabolism and ATP production (Figure 3D).

Figure 3. (A-B) Separate LASSO regression analysis of intersecting genes in HCC and CCRCC; (C) Intersection of genes screened by LASSO
regression analysis in both cancers was taken to identify the signature genes; (D) Correlation gene analysis of the four signature genes. Note:
Physical interactions; | Co-expression; = Predicted; i Co-localization; i@ Genetic interactions; © Pathway; = Shared protein domains; B Glucose
catabolic process to pyruvate; B Glucose catabolic process; m NADH regeneration; m NADH metabolic process; m NADP metabolic process; m ATP

generation from ADP; I ADP metabolic process.
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Characteristic genes expression analysis in HCC and CCRCC

After identifying NRAS/G6PD/CDCA3 and NDRG1 as characteristic ferroptosis genes in HCC and CCRCC, we further analyzed the expression of
the four ferroptosis genes in HHC and CCRCC, and the results showed that the four genes were significantly upregulated in both cancers (Figures
4A and 4B) (P<0.001). To further assess the reliability of the above analysis, we further analyzed the expression of the four ferroptosis signature
genes based on the Human Genetic Atlas (HPA), and immunohistochemical staining suggested that NRAS, G6PD and NDRG1 showed
upregulated expression in both cancers compared with normal tissues (Figures 4C and 4D), while the expression of CDCA3
immunohistochemical results were not included at this time.

Figure 4. Characteristic gene expression analysis in HCC and CCRCC. (A) NRAS, G6PD, CDCA3 and NDRG1 expression in HCC; (B)
NRAS/G6PD/CDCA3 and NDRG1 expression in CCRCC; (C) Immunohistochemical results of NRAS, G6PD and NDRG1 in HCC; (D)
Immunohistochemical results of NRAS/G6PD and NDRG1 in CCRCC. Note: & Normal; & Tumor.
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Diagnostic efficacy analysis of the signature genes

After screening out the four signature genes, we explored the diagnostic efficacy of the four signature genes using mRNA-Seq data of HCC and
CCRCC in the TCGA database, and the results showed that the ROC-AUCs of the four genes in HCC were 0.863, 0.983, 0.809, and 0.950 (Figure
S1A) and in CCRCC were 0.740, 0.905, 0.893, and 0.629 (Figure S1B), respectively. Except for the poor diagnhostic efficacy of G6PD in CCRCC,
the other three ferroptosis genes showed good diagnostic efficacy for both cancers.

Prognostic analysis of the four ferroptosis signature genes

After determining the diagnostic efficacy of the four signature genes, we further analyzed the prognostic impact of the four genes on survival in
two diseases, and the results showed that the four signature genes showed significant prognostic correlation in both diseases (P<0.05), and high
expression in HCC was associated with poorer prognosis of patients in both diseases (Figure S2A), while high expression of NDRG1 and NRAS in
CCRCC were associated with better survival prognosis of patients, respectively (Figure S2B), suggesting that the role of the two in CCRCC is
characterized differently from that in HCC.

Subtype analysis and validation of the results

Based on the expression of the four ferroptosis signature genes in the TCGA database, we performed unsupervised cluster analysis on the
samples included in the two cancers separately, and the results showed that the samples were clearly divided into two groups cluster 1 and
cluster 2 in both HCC and CCRCC (Figures 5A and 5B). Then, to verify the reliability of the results of the unsupervised cluster analysis, a principal
component analysis was performed on the samples, and the results also clearly divided the samples into two subgroups, cluster A and cluster B
(Figures 5C and 5D). Finally, we analyzed the survival relationship between the subgroups based on the expression of the four ferroptosis
signature genes, and the results showed a significant difference in survival between the two groups in both HCC and CCRCC (Figures 5E and 5F)
(P<0.005).

Figure 5. Subtype analysis and validation of the results and validation of the results. (A) Unsupervised cluster analysis for HCC; (B) Unsupervised
cluster analysis for CCRCC; (C) Principal component analysis for HCC; (D) Principal component analysis for CCRCC; (E) Survival analysis between
subgroups of HCC; (F) Survival analysis between subgroups of CCRCC. Note: = Consensus matrix 1; @ Consensus matrix 2; @ Consensus CDF 2;
Consensus CDF 3; I Consensus CDF 4; m Consensus CDF 5; i Consensus CDF 6; m Consensus CDF 7; B Consensus CDF 8; B Consensus CDF 9;
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Construction and validation of risk nomogram model

After determining the diagnostic and prognostic efficacy of the four signature genes, we further constructed the nomogram risk prediction models
based on the expression of the four signature genes (Figures 6A and 6B), and then evaluated the predictive efficacy of the nomogram by plotting
calibration curves, which showed a good fit (Figures 6C and 6D), suggesting that the predictive efficacy of the nomogram was effective. We then
analyzed the clinical performance of the nomogram model, and the decision curves (DCA) showed a good net clinical benefit for patients in both
models (Figures 6E and 6F). We also plotted the clinical impact curve, and saw that the model predicted a good true positive prediction rate in
our cases, further validating the clinical performance of the line plot model.

Figure 6. Construction and validation of risk nomogram model. (A) Nomogram of HCC; (B) Nomogram of CCRCC; (C) Calibration curves of HCC; (D)
Calibration curves of CCRCC; (E) Decision curves (DCA) of HCC.;(F) Decision curves (DCA) of CCRCC; (G) Clinical impact curve for HCC; (H) Clinical
impact curve for CCRCC. Note: ... Apparent; — Bias-corrected; ---- ldeal; — Ferroptosis genes; All; — None; — Number high risk; -..-

Number high risk with event.
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Correlation analysis of signature genes and immune targets in two cancers

In this study, we also explored the relationship between four ferroptosis genes and immune checkpoint-related genes in two cancers using the
"Limma", "corrplot" R package as shown in Figure S3A. In HCC, G6PD was associated with CD276, TNFSF18, TIGIT, HAVCR2, CD70, TNFSF4,
CD80, LAIR1, PDCD1 (PD-L1), ICOS, TNFSF9, CD86, CD44, TNFSF14, LGALS9, TNFSF8, CTLA4 and CD274 (PD-1), and showed good positive
correlations (r>0.25). NRAS also showed a good positive trend (r>0.25) with immune checkpoints such as CD276, CD28, HAVCR2, TNFSF4,
CD200, CD80, LAIR1, TNFSF18, CD86, CD200R1, NRP1, CD274 (PD-1) and VICN1. NDRG1 showed a significant positive trend (r>0.25) with
CD276, TNFSF18, HAVCR2, TNFSF4, TNFSF15, LAIR1, TNFSF8, CD86, HHLA2, LGALS9 and NRP1 (r>0.25). CDCA3 showed positive correlation
with immune checkpoints such as CD276, TNFSF18, TIGIT, HAVCR2, CD70, TNFSF4, TNFRSF4, LAIR1, PDCD1 (PD-L1), ICOS, CD86, TNFRSF14,
LGALSY, LAG3, TNFRSF8, CTLA4 (r> 0.3). In contrast, in CCRCC, G6PD showed a significant positive correlation mainly with immune checkpoints
CD276, PDCD1 (PD-L1), LGALS9, TMIGD2, TNFRSF8, TNFRSF18, CD44 (r>0.3). NRAS showed a positive correlation with immune checkpoints
CD200, NRP1, TNFSF4, CD28, CD200R1, HAVCR2, PDCD1LG2, TNFSF18, CD86 (r>0.3). NDRG1 was positively correlated with CD200,
TNFRSF4, HAVCR2, ADORA2A, IDO1, HHLA2,CD70, TNFSF9 and other immune targets (r>0.25). CDCA3 was correlated with TNFSF4, LAG3,
CTLA4, PDCD1, CD276, LGALSY, TNFSF14, TMIGD2, TNFRSF8, CD27, TNFRSF18, TNFRSF25, TIGIT, CD44, TNFRSF9,and showed significant
positive correlation with them (r>0.3) (Figure S3B).

Correlation analysis of signature genes with tumor immune cell infiltration

At the end of the study, we analyzed the relationship between each of the four ferroptosis signature genes and the infiltration of immune cells in
the two cancers, and the results showed that in HCC (Figures S4A-S4D) CDCA3 was positively correlated with the infiltration of immune cells such
as Th2 cells, TFH, NK CD56 bright cells, T helper cells, and negatively correlated with the infiltration of neutrophils, DCs, Th17 cells and other
immune cells (|r]|>0.2) (P<0.001). G6PD mainly showed a significant positive correlation with the infiltration of immune cells such as Th2 cells,
NK CD56 bright cells, macrophages, T helper cells, TFH, aDC, Th1 cells, and a negative correlation with the infiltration of immune cells such as

Th17 cells (|r|>0.2) (P<0.001). NRAS was positively correlated with immune cells such as Th2 cells, T helper cells, Tcm, and negatively
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correlated with immune cells such as pDC, cytotoxic cells, CD8 T cells (|r|>0.2) (P<0.001). NDRG1 was positively correlated with immune cells
such as Th2 cells, NK CD56 bright cells and TFH, and negatively correlated with infiltration of immune cells such as pDC, DC, cytotoxic cells
(]r]>0.2) (P<0.001). While in CCRCC (Figures S4E-S4H), CDCA3 was mainly positively correlated with the infiltration of immune cells such as Th2
cells, TReg, Th1 cells, NK CD56 bright cells, and negatively correlated with immune cells such as Th17 cells, mast cells, pDC (|r|>0.2)
(P<0.001). G6PD was mainly positively correlated with immune cells such as Th2 cells, TReg, DC, NK CD56 bright cells, iDC, B cells,
macrophages, Thil cells (|r|>0.2) (P<0.001). NRAS was mainly correlated with Tcm, neutrophils, T helper NRAS was positively correlated with
immune cells such as Tcm, neutrophils, T helper cells, eosinophils, Tem, Tgd, Th2 cells, mast cells, macrophages and negatively correlated with
the infiltration level of NK CD56 bright cells (|r]|>0.2) (P<0.001). NDRG1 was mainly correlated with NK CD56 dim cells, NK cells, eosinophils,
Th17 cells, neutrophils, and were positively associated with the level of infiltration of immune cells (|r|>0.2) (P<0.001).

Signaling pathway analysis

At the end of the study we also explored the involvement of four ferroptosis genes in the signaling pathway using the KEGG PATHWAY Database
(https://www.kegg.jp/kegg/kegg2.html) database. It was found that NRAS is involved in MAPK signaling pathway regulation and NRAS
expression can sequentially activate the MAPK/ERK signaling pathway (Figure 7), which has a strong association with cancer development by
promoting cell proliferation and differentiation processes and further influencing the cell cycle. Among the pathways involved in the metabolic
process of HCC, we also found that MAPK/ERK signaling pathway is involved and is one of the major pathways, suggesting that MAPK/ERK
signaling pathway plays a very important role in the whole disease process of HCC.

Figure 7. Schematic diagram of the MAPK/RAS signaling pathway.
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DISCUSSION

The treatment of HCC has been continuously developed and improved in recent decades, showing a diversified trend. Currently, the existing
treatment methods mainly include classical surgical treatment, transarterial chemoembolization, radiofrequency ablation, radiotherapy,
molecular targeted drug therapy, immunotherapy, chemotherapy and Chinese herbal medicine, etc., while the treatment concept of HCC has
gradually tended to be a holistic treatment mainly based on surgery [1. However, due to the insidious onset of HCC and the lack of effective early
screening means, the diagnosis of HCC often misses the best treatment stage, and the disease is highly heterogeneous and has a high
recurrence rate, coupled with the relative insensitivity to radiotherapy and chemotherapy, resulting in a generally poor prognosis for HCC
patients, which is largely different from patients expectations 571, and the current statistics show that the 5-year survival rate of hepatocellular
carcinoma patients is only 12.1%. Analysis of the incidence and mortality rates of liver cancer in the Chinese population over the past 30 years
shows that the incidence and mortality rates of liver cancer in the Chinese population are significantly decreasing, but in the next 20 years, the
annual number of incidence and deaths of liver cancer in the Chinese population will still exceed 100,000, so HCC will continue to be an
important health issue in the near future 8. A large number of relevant studies have shown that biological processes such as gene mutations,
molecular signaling pathways and epigenetic dysregulation are associated with the development of hepatocellular carcinoma, which offers the

possibility of explaining cancer development at the genetic level and treating it effectively [9-12],
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Kidney cancer is the second most common tumor in the genitourinary system after bladder tumor, and the main pathological type of kidney
cancer in China is CCRCC. Surgery is still the main treatment for early to mid-stage kidney cancer. However, like HCC, about 25% of kidney
cancers have already developed distant metastases at the time of diagnosis, losing the opportunity for surgical treatment and being naturally
insensitive to radiotherapy and chemotherapy, while about 20% of patients were found to have recurrence or metastasis after surgery during
follow-up, and the 5-year survival rate of patients with metastatic kidney cancer is less than 10%, with generally very poor prognosis [13.14],
Currently, with the in-depth research on tumors and the discovery of immune checkpoint inhibitor drugs, tumor immunotherapy has become the
latest inflection point, and the approved applications of successful cases have greatly increased the confidence of researchers and patients, and

medical researchers generally believe that immunotherapy may revolutionize the treatment paradigm and philosophy of cancer [14-17],

Ferroptosis has been found to be closely related to tumors, and the induction of ferroptosis facilitates tumor cell death and inhibits tumor
progression, and the induction of ferroptosis process can promote the sensitivity of some drug treatments and radiotherapy sensitivity, which
provides new research directions for the treatment of tumors 18191, |n this study, analysis of ferroptosis gene expression in HCC and CCRCC
based on GEO data showed that a large number of ferroptosis genes were expressed in both cancers compared to normal tissues, suggesting
that ferroptosis is heavily involved in the metabolic process in both tumors. Further analysis showed that 53 ferroptosis genes were differentially
expressed in both two cancers, and enrichment analysis of these intersecting genes revealed that they are mainly involved in the regulation of
neuron death and catabolic process, cellular response to external stimulus, scaffold protein binding, wide pore channel activity, protein
serine/threonine kinase activity, and other processes. Then the LASSO regression analysis was used to screen for the intersection of the
respective signature genes in the two cancers. The results showed that four genes, CDCA3, G6PD, NRAS, and NDRG1, were differentially

expressed in both HCC and CCRCC, and were common ferroptosis signature genes in both cancers.

Among them, cell division cycle-associated protein 3 (CDCA3) is a major regulator of cell mitosis and has been shown to be involved in regulating
the proliferation process of many tumor cells, playing an important role in the development of several malignancies [20-23], Glucose-6-Phosphate
Dehydrogenase (G6PD) is one of the rate-limiting enzymes that catalyze the pentose phosphate pathway, which prevents cells from oxidative
damage by regulating cellular redox homeostasis. G6PD-related diseases are more common clinically, mostly due to G6PD deficiency, including
sericosis, infective hemolysis, and neonatal pathological jaundice [24-26], In addition, some studies mentioning that GEGPD expression is associated
with proliferation and aggressiveness of colon cancer [27], with higher grade, recurrence and lower survival of hepatocellular carcinoma, after
knockdown of G6PD , tumor proliferation and metastasis were also inhibited [28]. The neuroblastoma RAS viral oncogene (NRAS) is a membrane
protein that is located on the surface of the cell membrane and transmits extracellular signals to the nucleus, thus regulating cell proliferation,
differentiation and apoptosis. Its mutation rate is high and is common and correlated with patient prognosis mainly in melanoma and colorectal
cancer 291, N-myc downstream regulated 1 (NDRG1) is stress-responsive protein involved in hormone responses, cell growth, and differentiation,
acting as a tumor Its role in different malignancies is very different, for example, NDRG1 inhibits proliferation, invasion, and metastasis in
nasopharyngeal carcinoma, glioma, pancreatic cancer, etc. 3031 but promotes proliferation and invasion in bladder cancer, epithelial-

mesenchymal transition in esophageal squamous cell carcinoma and stemness features in non-small cell lung cancer [32:33] etc.

Next, we investigated the diagnostic efficacy of the four signature genes in both cancers and their correlation with patient’s clinical prognosis.
Except for the poor diagnostic efficacy of GGPD in CCRCC, all three showed good diagnostic efficacy in both cancers, and in the prognostic
analysis the expression of the four signature genes was significantly correlated with the survival prognosis of both cancers, suggesting that all
four ferroptosis genes are potential prognostic markers for both cancers. The results of unsupervised cluster analysis based on the expression
levels of the four ferroptosis signature genes showed that the two cancers could be classified into two subtypes, which was consistent with the
results validated by principal component analysis, and there were statistically significant differences in survival prognosis between the two
cancer subtypes. Based on the above findings, we further constructed a risk prediction nomogram model to assess the risk of cancer in patients,
and a calibration curve was drawn to verify the accuracy of the predictive power of the line graph. The validation results suggested that the
nomogram had good risk prediction power and good net clinical benefit rate and positive detection rate, suggesting the potential of the model for

clinical application.

By blocking immune checkpoint recognition, immune checkpoint inhibitors restore the body's specific immune response to tumor cells, prevent
immune escape of tumor cells, enhance the anti-tumor ability of immune cells and then Kill tumor cells. Targeted therapy based on immune
checkpoint research is a new trend in cancer treatment, but the current research on immune checkpoints is still insufficient, and the available
targeted drugs are far from meeting the current clinical needs. In this study, we also investigated the correlation between four ferroptosis
signature genes and immune checkpoints in two cancers, and the results showed that there were significant correlations between the four
signature genes and some immune checkpoints in two cancers, including the classical immune checkpoints CD274 (PD-1), PDCD1 (PDL-1),
CTLA4, etc., suggesting that the expression of signhature-based genes can be used as a basis for immune checkpoint therapy. The expression of

these genes can predict the immune status and T-cell depletion in the tumor microenvironment to a certain extent, which is of reference
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significance for tumor treatment and thus can further predict the prognosis of patients. The correlation between different immune checkpoints
was also found to be significant. Currently, single target therapy can no longer meet the clinical demand, and the combination of multiple targets
has become a trend, so the study of the correlation between immune checkpoints to clarify the mechanism of action among them is of great

reference significance for the development of new targeted drugs.

We also analyzed the relationship between the four signature genes and tumor immune cell infiltration. The results showed that the four
signature genes showed significant positive correlation between each of them and most of the immune cells in cancer, while the four signature
genes were significantly upregulated in two cancers, suggesting that the expression of the four signature genes influenced the tumor immune
microenvironment to some extent and had a certain promotion effect on the immune response of the tumor, which to some extent responded to

the tumor immune situation and had some reference significance for the clinical prognosis of patients.

At the end of the study we also explored the signhaling pathways involved in four genes, and the results showed that NRAS is involved in
MAPK/ERK signaling pathway. MAPK/ERK signaling pathway is also found to be involved in the metabolic pathway of hepatocellular carcinoma,
thus we further speculate that the upregulation of NRAS expression in hepatocellular carcinoma may activate MAPK/ERK signaling pathway to
regulate cell proliferation, differentiation and migration, etc.. This is closely related to the prognosis and disease regression of HCC. However,

further clinical studies are needed to confirm this conclusion.

There are still many limitations in this study, firstly, the research data used in this study are from different public databases, so the results of this
study are affected by the source data, and in addition, the different detection methods among the research data from different sources may lead

to deviations among the data, which may affect the results.

CONCLUSION

CDCA3, NRAS, and NDRG1 showed good diagnostic efficacy in HCC, RCC and are potential diagnostic targets for both cancers, and the
expression levels of CDCA3, G6PD, NRAS, and NDRG1 were significantly correlated with the survival of both cancers and are prognostic markers
for both cancers. Upregulation of NRAS expression may contribute to the pathogenesis and progression of HCC/CCRCC through activation of
MAPK/ERK signaling pathway.
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